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ABSTRACT KEYWORDS

The mechanisms by which users of platforms such as Facebook Misinformation; social
and Twitter spread misinformation are not well understood. In this media; news; political
study, we argue that the effects of informational uses of social participation; Chile
media on political participation are inextricable from its effects on

misinformation sharing. That is, political engagement is both a

major consequence of using social media for news as well as a

key antecedent of sharing misinformation. We test our expecta-

tions via a two-wave panel survey of online media users in Chile, a

country experiencing information disorders comparable to those of

the global North. Analyses of the proposed and alternative causal

models with two types of structural equation specifications (fixed

effects and autoregressive) support our theoretical model. We

close with a discussion on how changes in the way people engage

with news and politics - brought about by social media - have

produced a new dilemma: how to sustain a citizenry that is enthu-

siastically politically active, yet not spreading misinformation?

A decade of research addressing news consumption on social platforms such as
Facebook and Twitter has produced two consistent findings. First, social media have
become a major source for news about public affairs (Newman et al. 2017). Second,
using social media for news increases individuals’ political engagement (Boulianne 2019;
Skoric et al. 2016). As a consequence, many researchers have lauded the informational
value of social media as contributing to democratic processes by means of fostering citi-
zen engagement (Gil de Zuniga, Jung, and Valenzuela 2012). Social media, however, can
also be used to promote antidemocratic processes. Hate groups, online harassment,
hyperpolarization, and state-sponsored propaganda, are all examples of illiberal forces
exploiting the informational value of social platforms (Tucker et al. 2017).

Yet there has been a rise of public concern since the Brexit referendum in the
United Kingdom, and most especially after the 2016 US elections, that social media

CONTACT Sebastian Valenzuela @ savalenz@uc.cl
© 2019 Informa UK Limited, trading as Taylor & Francis Group



2 @ S. VALENZUELA ET AL.

spreads misinformation (Allcott and Gentzkow 2017; Lazer et al. 2018). Distressingly,
the phenomenon of misinformation is closely related to social media news use
(Grinberg et al. 2019; Tandoc et al. 2018; Vargo, Guo, and Amazeen 2018). Thus, while
some work finds that social media news use is democratically positive, seeming to
promote political participation, other strands of research finds that it is democratically
negative since it contributes to the spread of misinformation. Because these strands of
the literature have often developed independently, our study seeks to integrate them
into a theoretical and empirical model combining (1) the processes of news use on
social media, (2) individuals’ political engagement, and (3) misinformation diffusion. As
we shall argue, we expect that the effects of informational uses of social media on
political participation are strongly connected to the distribution of misinformation,
which suggests a new democratic dilemma: how to sustain a citizenry that is enthusi-
astically politically active, yet not an amplifier of misinformation?

This research is relevant on normative, theoretical, and empirical grounds. Sharing
false information online runs counter to the ideal of a well-functioning democracy in
which citizens base their preferences on accurate information (Kuklinski et al. 2000).
Further, from a theoretical perspective, our research adds complexity and nuance to
existing accounts of how news use on social media impacts citizens’ knowledge,
beliefs and behaviors (Bode 2016; Dimitrova et al. 2014). As Quandt (2018, 44) noted,
in the past decade there has been an “idealistic [...] well intended, but partially mis-
guided and naive” embrace of citizen participation in the news process. This is evident
with the plethora of studies - including our own past work - arguing that informa-
tional uses of social media promote democratic citizenship because they spur political
participation. In the current study, we heed Quandt’'s call for more nuanced research
by examining the negative side-effects of such increased user engagement, namely,
diffusion of false information.

Further, extant studies on misinformation sharing often suffer from a lack of geo-
graphical diversity, as most studies are from the global North. As such, a community
of scholars and policymakers that focuses on this domain have a circumscribed under-
standing of the phenomena. Comparative data from other regions, such as the global
South, are needed to help refine our understanding and explore similarities and differ-
ences across a variety of boundaries (Lewis and Molyneux 2018). Thus, beyond the
inherent interest to be derived from the analysis itself, there is additional merit in con-
ducting this study in Chile, a Latin American country with high levels of social media
news use and participation but with decreasing levels of confidence in journalism and
traditional information gatekeepers (Navia and Ulriksen 2017).

Social Media News Use and Political Participation

People have different motivations for using social media. One is what the uses and
gratifications literature calls surveillance motivation, that is, when individuals use social
media “to learn about one’s community, events, and political affairs” (Ruggiero 2000,
26). On interactive platforms such as social media, fulfilling one’s surveillance motiva-
tions can involve different behaviors, such as reading news shared by friends, endors-
ing news from a professional media site (i.e., “liking”), and posting links to journalistic
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content (Choi 2016). Another motivation is fear of missing out (Przybylski, Murayama,
De Haan, and Gladwell 2013), to which many individuals respond to by staying con-
tinually connected with what others are doing through social media (Katz and Aakhus
2002). Pivotal to all these activities is news exposure, that is, the extent to which users
have encountered - intentionally or incidentally - news content while using social
media (de Vreese and Neijens 2016).

Research shows that informational uses of social media increase users’ participation
in political activities (Ekstrom and Shehata 2018; Knoll, Matthes, and Heiss 2018). By
participation, we mean “activities by private citizens that are more or less directly
aimed at influencing the selection of governmental personnel and/or the actions they
take” (Verba and Nie 1972, 2). In keeping with more recent conceptualizations, these
voluntary political acts may also be aimed at collective or community issues, take
place online, and occur within social media platforms. A restricting dimension to this
definition is that all such aspects must have a clear political motivation (van Deth
2014). Manifestations of such political participation include voting, protesting, volun-
teering for a community project, boycotting products for ethical reasons, or encourag-
ing other people to take action using social media (Theocharis and van Deth 2018).

Several explanations have been advanced to account for the relationship between
news use in social media and political engagement. One such explanation is that
news exposure raises awareness and knowledge of political issues, which in turn
increases the likelihood of engaging in political activities (Valenzuela 2013). Yet there
is evidence that political learning through social media is tenuous. It may be in fact
that social media news use can hamper knowledge acquisition (Pentina and Tarafdar
2014; Shehata and Stromback 2018). Another explanation holds that informational
uses of social media increase participation by promoting political expression (Gil de
Zuniga, Molyneux, and Zheng 2014). The premise is that exercising one's political
voice on social media involves cognitive elaboration and reflection, which in turn are
conducive to political engagement (Pingree 2007). Expression can also be a precursor
of political discussion with fellow social media users, which have also been found to
motivate individuals to participate more frequently (Valenzuela 2013).

The current study will not be testing the specific mechanisms that may causally
relate informational uses of social media with political participation. Instead, we take
this association as a starting point for our theoretical discussion. Hence, our first
hypothesis’ aim is confirmatory:

H1: Social media news use will be positively related to political participation.

Conceptualizing Misinformation and Misperceptions

While it may facilitate political engagement, social media news use also provides
mechanisms through which individuals and collectives may receive and spread misin-
formation. Before explaining how and why this occurs, we need to define what we
understand by the term “misinformation.” A review of the academic literature shows
that a variety of terms have been connected to or even used as synonyms for the
term; these include fake news, false information, disinformation, misperceptions (Lazer
et al. 2018; Wardle and Derakhshan 2017).
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Some experts have decried the term “fake news” because it obscures the multi-
dimensionality of the phenomenon of misinformation, which includes issues of con-
tent, format, motivations, and agents involved in its distribution (Kalsnes 2018; Wardle
and Derakhshan 2017). Further, fake news has become a trope for whatever informa-
tion politicians and people in general do not believe in (Nielsen and Graves 2017;
Waisbord 2018). At its worse, it is used to delegitimize an oppositional viewpoint
(Farkas and Schou 2018). False news is not appropriate either, because it suggests a
true/false dichotomy, rather than a continuum (Mourao and Robertson 2019, 4).
Disinformation also refers to inaccurate news, but it is different in intent. According to
Jackson (2017), promoters of disinformation distribute it purposively “to engender
public cynicism, uncertainty, apathy, distrust, and paranoia.” That is, disinformation is
necessarily deceptive.

So what is misinformation? In the current study, we use Southwell et al.'s (2018, 3)
definition: “a category of claim for which there is at least substantial disagreement (or
even consensus rejection) when judged as to truth value among the widest feasible
range of observers.” That is, misinformation refers to claims that - unlike information -
are not supported by the majority of societally accepted evidence adjudicators, and
reflects content that may be inaccurate, uncertain, vague, or ambiguous (Karlova and
Fisher 2013).

When individuals perceive these inaccurate claims as truthful they are described as
having misperceptions (Garrett, Weeks, and Neo 2016) or being misinformed (Flynn
et al. 2017). This means that to study how users share misinformation, it is important
to gauge misperceptions, too. Some users spread misinformation because they are
convinced it is accurate information and wish to “enlighten” their followers. Others
know misinformation when they see it but spread it anyway to misinform others and
advance an agenda. And some spread it because it is interesting or noteworthy or
somehow otherwise promotes their social standing or visibility. By measuring misper-
ceptions, we can better identify whether the process of misinformation sharing is
guided mostly by deception (i.e., disinformation campaigns) or biases in cognition. We
suspect that the more prevalent mechanism is the latter, as we discuss next.

Political Participation and Misinformation Sharing

Cognitive theory holds that people do not always process information accurately.
Instead, individuals sometimes process information to arrive at a desired conclusion
that reaffirms prior positions (Kunda 1990). This is usually the case with information
related to individuals’ identity that arouses an affective response (Lodge and
Taber2013). For instance, it is more likely for strong partisans to select and trust
political content that is consistent with their ideological beliefs, even if this content
misrepresents facts (Weeks 2015).

Motivations are not the only source of error in information processing. People tend
to seek conclusions in the fastest, easiest way possible — they are “cognitive misers”
(Fiske and Taylor 2013, 16). This phenomenon encourages individuals to maintain or
reinforce their established beliefs given the cognitive costs required to access and pro-
cess new information. Hence, seeking and processing information is more likely with
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attitude-consistent than with counter-attitudinal messages - a bias called selective
exposure. Importantly, studies show that selection and exposure to attitude-consistent
information can increase sharing of such content as a consequence of greater attitude
accessibility, especially on social media (Hasell and Weeks 2016). This occurs because
selection and sharing on social networks are self-reinforcing (Bright 2016).

Prior research has found that politically engaged individuals are more likely to
exhibit biases in information processing than their less politically engaged counter-
parts (Flynn et al. 2017; Reedy et al. 2014). This association is particularly salient in
digital media. Allcott and Gentzkow (2017), for example, studied the use of social
media during the 2016 US election and found that both Republicans and Democrats
tend to believe 15% more in attitude-consistent news compared to neutral or coun-
ter-attitudinal news. This is because for people who participate in politics, ideology
and partisanship are major determinants of their worldviews and belief systems.
Political identity, thus, provides an interpretive filter for processing information.
Accordingly, individuals who participate in politics are more likely to share information
and misinformation, so long as they fit with their ideological molds.

Independent of individuals’ ideological predispositions, research also shows that
political participation can encourage the formation of closed groups where misinfor-
mation is more likely to be retransmitted (Hochschild and Einstein 2015; Lazer et al.
2018). While these groups consolidate and reinforce their group identity, the oppor-
tunity to access divergent information decreases. Concomitantly, the willingness to
accept positions different from their own also decreases. Thus, the consolidation of
polarized networks based on political ideology favors isolation and selective exposure
to partisan information. At the same time, the dense and clustered structure of online
political networks increases the virality of messages, including inaccurate claims
(Tambuscio et al. 2015).

A third reason for expecting that politically active social media users are more likely
to share false information than less active user’s stems from their role as opinion lead-
ers. Distributing information, opinions, news and other content has long been a
marker of opinion leadership (Lazarsfeld et al. 1944; Rogers 1995). To the extent that
opinion leadership and engagement in political affairs mutually reinforce each other
(Shah and Scheufele 2006), it is likely that politically engaged users also share more
content online than less engaged users. In other words, even if politically active users
are not biased information processors and do not live in online echo chambers, they
may still spread misinformation at higher rates as a consequence of their tendency to
share all types of online content more frequently. For all these reasons, we
expect that:

H2: Political participation will be positively related to the spread of misinformation.

This hypothesis, however, needs to be qualified. We do not think that political
participation will necessarily lead to sharing any kind of misinformation. Instead, we
posit that political participation will be associated with sharing such content when it
conforms to individuals’ beliefs. All else constant, social media users that are politic-
ally engaged will be more likely to retransmit misinformation when they hold
misperceptions.



6 @ S. VALENZUELA ET AL.
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participation
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Figure 1. Conceptual model of hypothesized relationships. Note. Bold line = direct relationship.
Dotted line = indirect relationship.

Due to its distorting role in the decision-making process of citizens, the phenom-
enon of misperceptions has generated much concern (Hochschild and Einstein 2015).
Importantly, the issues in which participatory users are misinformed include not only
matters of government and elections, but cover a wide range of topics, such as health,
food, the environment - even natural disasters (Wolters and Steel 2018). This is
because politically engaged individuals, for whom political ideology and attitudes are
more central to their identity, tend to process information about different stimuli
through a political lens. Thus, the effects of political participation on misinformation
can extend well beyond purely political affairs.

Although misperceptions have been associated with being psychologically engaged
with political affairs (Miller et al. 2016), they can play a differentiated role from political
participation in the propagation of misinformation. To the extent that individuals are
more likely to share content that they find credible or useful (Rudat et al. 2014;
Valenzuela, Pina, and Ramirez 2017), the relationship between political engagement
and the spread of misinformation should be contingent upon misperceptions. In
hypothesis form, the expectation is that:

H3: Misperceptions will moderate the relationship between political participation and the
spread of misinformation, such that the relationship will be stronger for misinformed
users and weaker for informed users.

Integrating the three hypotheses leads to the structural model shown in Figure T,
in which political participation mediates the relationship between social media news
use and the spread of misinformation. Misperceptions, in turn, regulate the relation-
ship between political participation and the spread of misinformation.

Method
Context

With our aim of expanding an understanding of misinformation in the global South,
one of the first things to note is that, like countries in the global North, Chile is experi-
encing symptoms of information disorder (Wardle and Derakhshan 2017). Public opin-
ion surveys show a steady decline in trust of professional media. Those who trust TV



DIGITAL JOURNALISM 7

news and newspapers decreased, respectively, from 54% and 37% in 2009 to 37% and
20% in 2017 (Gonzalez 2017). Simultaneously, Facebook, Twitter, and WhatsApp have
become major news sources. Reuters Institute found that 64% of Chilean online users
preferred to get news via social media (the world average is 23%; Newman et al.
2017, 14). Public concern over spreading of online misinformation has also increased,
notably regarding government affairs, science, and disasters (Arriagada and Velasco
2017; Groshek et al. 2018; Mendoza, Poblete, and Castillo 2010). These concentrations
of false news seem typical of other countries as well (Vosoughi et al. 2018). Hence, we
measured misinformation related to these three issues. Although they cover different
domains, all of them are more or less political, in the sense that political identities can
shape perceptions and behaviors related to them (Wolters and Steel 2018).

Data

This study used data from a national, two-wave survey collected from an online panel
administered by TrenDigital, a think tank hosted in the School of Communications at
Pontificia Universidad Catdlica de Chile. To generate a more representative sample, we
matched the frame to population parameters using demographic characteristics of
gender, age, and region of residence. The first wave was fielded in April 2017 from an
initial sample of 5000 panel participants contacted via email through Qualtrics. We
received responses from 1,007 participants, which translate into a completion rate of
20%. Although the completion rate is relatively low compared to conventional “one-
shot” surveys, rates between 10% and 30% are typical of online surveys (LaRose and
Tsai 2014; Sauermann and Roach 2013). This is evident from the median completion
time, which at 27 minutes is on the high end of most web surveys (Callegaro,
Manfreda, and Vehovar 2015, 101-102)." Prior to fielding the second wave in June
2018, we dropped 127 respondents because of incomplete responses in the key varia-
bles. An additional 9 respondents were dropped as they completed the questionnaire
too quickly (i.e., less than 1/3 of the median completion time). Of the 871 respondents
remaining, 451 completed the second wave (attrition rate = 48%).2

Variables

Social Media News Use

Respondents were asked: “On the average, how many days a week do you watch or
read news on social media platforms?” (wave 1: M=5.18, SD = 2.53; wave 2: M=5.00,
SD = 2.62). To isolate news use exclusively on social network sites and microblogging
platforms, this question was asked after other questions about news exposure on tele-
vision, radio, print newspapers, and online news sites. More, we also controlled for
professional news use.

Political Participation

Following Theocharis and van Deth (2018), we asked how frequently in the past year
respondents engaged in eight different political behaviors. Respondents used a 5-
point scale to report how often they had: (a) signed a petition; (b) registered as a
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volunteer for a social or political cause; (c) commented on social media on political or
social issues; (d) joined political, public or citizen-led causes on social media; (e)
encouraged other people to take action on political or public affairs using social
media; (f) shared photos or videos on social media to political news; (g) followed a
politician or political activism group on Facebook or Twitter; and (h) changed the pro-
file photo on a social media account to show support for a political or social cause.
Individual responses were averaged into a single scale (wave 1: Cronbach’s o =0.85;
M=1.96, SD = 0.77; wave 2: Cronbach’s oo=0.86; M= 1.97, SD = 0.76).

Misinformation

We presented respondents with a list of 10 statements covering the three issue
domains explained earlier (see Table 1). To reduce social desirability biases, we did not
specify whether the statements were true or false. Instead, we simply explained that
these statements referred to stories circulating online (as they actually had) in the past
12 months. For each statement, respondents were asked whether they had: (a) not
been aware of it, (b) been aware of it but had not shared it, or (c) been aware of it
and had shared it. Subsequently, respondents were asked how credible the statements
were. Answers were coded on a 5-point response scale (1 =not at all, 5= extremely).
With these questions, two variables were created: a scale of misperceptions (i.e., aver-
age of the credibility scores of each story; wave 1: Cronbach’s o =0.78, M=2.54, SD =
0.66; wave 2: Cronbach’s «=0.82, M=2.55, SD = 0.73), and an index of misinforma-
tion sharing (range = 0 [no story was shared] to 10 [shared all stories]; wave 1: KR-
20=0.73, M=1.19, SD = 1.71; wave 2: KR-20 = 0.65, M =0.65, SD = 1.26).2

Table 1. Prevalence of misinformation exposure, beliefs, and sharing (wave-1).

Issue Familiar Believes claim Has shared
Claim domain with claim % is accurate % claim %
1. Groups of Mapuche Indians caused the great D 92 13 14
wildfires of the summer.
2. Forestry companies started the wildfires to D 81 31 20
collect insurance and compensate a loss in
export revenues due to Donald
Trump’s election.
3. Some vaccines have side effects that may be S 75 26 12
worse than the very illnesses they are trying
to prevent.
4. Genetically modified foods are harmful S 74 49 25
to health.
5. Animal milk is not nutritious and may even S 70 26 17
be harmful to one’s health.
6. Some vaccines can cause autism in children. S 68 18 10
7. Members of the Colombian guerrilla FARC, D 60 6 6
along with Mapuche Indians, burned the
forests in the south to destabilize
the country.
8. Israeli agents have purchased large tracts of G 42 26 10
land in Chilean Patagonia.
9. A Colombian gang is snatching children from G 32 24 6
schools and parks in Santiago.
10. President Michelle Bachelet has suffered G 26 15 3

from depression and alcohol abuse at certain
stages of her current government.

Note: D =disasters, S=science, G=government affairs. Percentage that believes the story is accurate is the sum of
participants who find it “very credible” and “extremely credible”.
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Control Variables

A number of covariates were included in the analysis, all measured in wave 1. Prior
research has found that sharing content on social media and political participation are
a function of gender, age, and socio-economic status (Beam, Hutchens, and
Hmielowski 2016; Dimitrova et al. 2014). Gender was binary (female: 54%) and age
was measured in years (M =33.75, SD = 13.37). For education, we used a 7-point scale
(range = 1 [elementary school or less] to 7 [graduate school]l, M=5.95, SD = 0.80). A
survey question that measured income asked “What is your family’s monthly house-
hold income?” Answers ranged from 1 (under CLP 400,000) to 6 (over CLP 3,500,000;
M =3.20, SD = 1.37). Another important antecedent of both political participation and
misperceptions refers to political ideology (Guess et al. 2018). Thus, participants were
asked a 7-point, left-right self-placement question (wave 1: M=3.89, SD = 1.41). Prior
research has also found that misinformation is related to mistrust on professional jour-
nalism (Lazer et al. 2018). Trust in professional media was computed by averaging
individuals’ level of agreement with three statements: (a) “they are trustworthy sources
of information”; (b) “they deliver news that are trustworthy”; and (c) “I trust that the
news they deliver are true” (range = 1 [strongly disagree] to 5 [strongly agree],
Cronbach’s =0.87, M=2.85, SD = 0.71). We also took into account participants’
information self-efficacy, based on six statements adapted from Marshall's (2006)
Information Competency Assessment Instrument, which were averaged to form a scale
(range = 1 [strongly disagree] to 5 [strongly agreel, Cronbach’s «=0.76, M=3.97, SD =
0.56). This was done in response to claims that digital literacy could reduce individuals’
proclivity to spread false news (Lazer et al. 2018). Last, because traditional media use
is an important antecedent of political engagement and can be a gateway to false
news consumption as well (Shah et al. 2005; Vargo, Guo, and Amazeen 2018), we
measured exposure to news on professional media, such as TV, newspapers (print and
online), and radio, using the same response scale than for social media news use. We
combined these items into an index of professional news media use (M=2.98, SD
= 1.77).

Statistical Analysis

To take advantage of the panel design of the survey, the hypotheses were tested
using two different models. One relates change at the intra-individual level using the
raw difference score, which is calculated by subtracting wave-1 scores from wave-2
scores. Because all time-invariant variables are partialled out, estimates are unbiased
from the influence of variables such as demographics, personality traits, political ideol-
ogy, socialization and so forth. While this is the greatest strength of the change score
model, it is not without drawbacks. One is that it assumes that change is independent
from the initial levels of the dependent or endogenous variables (Finkel 1995).
Another is that error variances may be inflated as a consequence of producing esti-
mates at the intra-individual level (Shah et al. 2005). Thus, we also estimated autore-
gressive models, where change over time is estimated by regressing each wave-2
variable on its corresponding wave-1 value, controlling for wave-1 covariates. Unlike
the change scores model, the autoregressive approach derives estimates of change
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across the sample rather than within each individual, effectively reducing error vari-
ance. Of course, our expectation is that results are consistent across both model-
ing strategies.

To reduce the risk of spurious relationships, we opted for a sequential process of
model construction. To test H1 and H2, a mediation analysis was conducted, relating
social media news use and misinformation sharing through political participation.
Following the recommendations of Hayes (2013), the indirect relationship was calcu-
lated with bootstrapping. To address the causality quandary, the proposed mediation
model was compared against all alternate causal orderings of the three sets of varia-
bles. To test H3, we conducted a moderation analysis, in which the relationship
between political participation and misinformation sharing varies across levels of mis-
perceptions. All models were estimated with full information maximum likelihood
using Stata 15. The data that support the findings of this study are openly available in
.csv format at: http://bit.ly/fake_data.

Results

Before turning to the hypotheses, we assessed the prevalence of the misinformation
problem in Chile, as compared to countries with more data on the subject. We antici-
pate that this assessment will provide a benchmark for those wishing to do compara-
tive or cross-national studies of misinformation. Table 1 details the degree of
familiarity, beliefs, and sharing of the 10 false items we measured. Notably, the level
of exposure to misinformation in the sample is substantial. In wave-1, more than 75%
of respondents reported being aware of at least four claims, especially those related
to the great wildfires of 2017 and scientific myths related to vaccines. The proportion
of respondents that believe these stories are true, however, is considerably lower. On
average, only 24% of respondents find the claims to be “very” or “extremely” credible.
Still, there are notable deviations from this pattern. While only 18% of the participants
believe that vaccines can cause autism, nearly half of them think that consumption of
GMOs and illness are related. These proportions are comparable to those found else-
where. Bode and Vraga (2015, 625) conducted a web survey in the US in 2014 and
found that the vaccines-autism and GMOs-health relationships were credible for 11%
and 51% of the respondents, respectively. Compared to exposure and beliefs in these
claims, fewer Chileans admitted to sharing them. Each claim was shared, on average,
by 12% of participants. However, the averages for stories related to disasters (12%)
and health (16%) were higher than those related to government affairs (6%). Again,
this is in line with international trends (see, e.g., Allcott and Gentzkow 2017).

Turning now to the hypotheses, we sought to examine to the relationships
between social media news use, political participation, and sharing misinformation.
For ease of interpretation, Figures 2 and 3 plot standardized regression coefficients of
fixed effects and autoregressive models, respectively (for full results, see Appendix,
Tables A1 and A2). First, in both specifications we found that using social media for
news is positively associated with political participation (fixed effects: p=0.18,
p < 0.001; autoregressive: =0.19, p < 0.001). These relationships are quite robust (in
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Figure 2. Fixed-Effects Model of Social Media, Political Participation and Misinformation Sharing.
Note. Plot shows standardized regression coefficients, using markers for point estimates and spikes
for 95% confidence intervals. Statistically significant coefficients are those with spikes that are
entirely above or below zero. Full results available in Appendix, Table AT.

her meta-analysis, Boulianne [2019] found that the average effect size of informational
uses of social media on civic and political engagement is 0.07). H1 is thus supported.

Second, we predicted that participation is positively related to misinformation shar-
ing (H2). This was, indeed, the case (fixed effects: f=0.11, p <0.05; autoregressive:
f=0.10, p <0.05), although the relationship is somewhat weak. Importantly, in none
of the models was social media news use found to be directly related to misinforma-
tion sharing - and this held true with and without including the control variables. The
latter suggests that political participation may mediate the relationship between using
social media for information and sharing incorrect claims. To formally test this possibil-
ity, we calculated bias-corrected bootstrap confidence intervals of the indirect relation-
ship (fixed effects: f=0.02; autoregressive: p=0.03). For both models, the confidence
interval was above zero: fixed effects (95% Cl: 0.003, 0.030), and autoregressive (95%
Cl: 0.001, 0.020). This means that we can rule zero out from the realm of plausible val-
ues of the indirect association. In other words, for at least these data we demonstrated
that informational uses of social media can indirectly increase, albeit weakly, willing-
ness to share misinformation by promoting political participation.

Despite the consistency of our findings across model specifications, there is the
possibility that a different ordering of the variables could yield a structural model with
better results and, thus, alert us to alternative relationships not considered in our
theorizing. Inspired by the seminal work by Shah and colleagues (2005), we
estimated every other conceivable causal ordering of our key variables and compared
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Palitical Participation Misinformation Sharing
Social media news use : —— :—o—
Political participation il i—o—
Misperceptions —1—0— : —
Professional news use —0}— —0—:—
Information efficacy —C—il- —:b—
Political ideology (L-R) —o—'l— —o—:—
Trust in professional news - —c;— _I’_
Age —3—0— i—o—
Gender (female) —0—} —0—:
Education —Q—}— —0—:—
Income - —%—0— —i—o—
T t T T t T T
-2 0 2 4 -2 0 2 4

Standardized Coefficients

Figure 3. Autoregressive Panel Model of Social Media, Political Participation and Misinformation
Sharing. Note. Plot shows standardized regression coefficients, using markers for point estimates
and spikes for 95% confidence intervals. Statistically significant coefficients are those with spikes
that are entirely above or below zero. Full results available in Appendix, Table A2.

goodness-of-fit statistics to identify the best model. As detailed in Table 2, all alterna-
tive orderings produced a worse fit than the proposed model.

When misinformation sharing served as the mediator between social media use
and political participation, model fit was extremely poor across the two specifica-
tions (models 2 and 4). Among the fixed-effects specifications, only model 6, in
which political participation mediates the relationship between misinformation shar-
ing and social media news use, approaches the goodness of fit of the proposed
model. However, the coefficient of determination of this alternate model (R*=0.055)
is considerably lower than the theoretical model (R?=0.112). Among the autoregres-
sive specifications, all alternative models exhibit worse fit statistics than the theor-
etical model. Thus, these data support our proposed causal ordering of
the variables.

The last hypothesis proposed a boundary condition. Specifically, H3 stated that the
link between participation and misinformation sharing depended upon respondents’
misperceptions, such that politically engaged users who are misinformed are more
likely to share inaccurate claims than those who are better informed. To test for this
possibility, we first checked whether there was evidence of an overlap between mis-
perceptions and political engagement. The relationship was not statistically significant
(fixed effects: p=0.921; autoregressive: p =0.447; see Appendix, Tables A1 and A2).
These data, then, allow comparing misinformed respondents who participate more
often with misinformed respondents who seldom participate. Nevertheless, the
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Table 2. Comparison of proposed and alternate structural models.
AIC BIC RMSEA X*/df CFl Overall R

Fixed-effects

. Social media — Participation — Misinformation sharing  9008.897 9185.690 0.000 0.337/1 1.000 0.112
. Social media — Misinformation sharing — Participation ~ 9020.097 9196.890 0.153 11.537/1 0.749  0.085
. Participation — Social media — Misinformation sharing ~ 9013.769 9190.562 0.097 5.209/1 0.897 0.108
. Participation — Misinformation sharing — Social media ~ 9020.097 9196.890 0.153 11.537/1 0.742 093
. Misinformation sharing — Social media — Participation ~ 9013.769 9190.562 0.097 5.209/1 0.823  0.042
. Misinformation sharing — Participation — Social media ~ 9008.897 9185.690 0.000 0.337/1 1.000  0.055
Autoregressive
7. Social media — Participation — Misinformation sharing 21269.28 21799.66 0.000 1.949/6 1.000 0.783
8. Social media — Misinformation sharing — Participation 2127330 21803.68 0.000 5.969/6 1.000 0.782
9. Participation — Social media — Misinformation sharing 21283.74 2181412 0.062 16.416/6 0.984 0.777
10. Participation — Misinformation sharing — Social media 21286.59 21816.97 0.070 19.266/6 0.980 0.775
11. Misinformation sharing — Social media — Participation 21277.75 21808.13  0.040 10.424/6 0.993  0.780
12. Misinformation sharing — Participation — Social media 21292.06 21822.44 0.083 24.733/6 0.971 0.774

Note: N=451. All path models were estimated with full information maximum likelihood.
Abbreviations: AIC = Akaike’s information criterion. BIC = Bayesian information criterion; CFl = comparative fit index;
RMSEA = root mean square error of approximation. X*/df=discrepancy level.

AU bhWN =

interactions between participation and misperceptions when predicting sharing of mis-
information were not statistically significant (fixed effects: p=0.169; autoregressive:
p = 0.649; see Appendix, Tables A1 and A2). As an additional check, we also replicated
the analyses testing each information claim individually (i.e.,, whether political partici-
pation interacts with misperceptions about, say, vaccines when predicting sharing mis-
information about vaccines). Again, none of the interactions were statistically
significant. The conclusion is that politically engaged social media users distribute
inaccurate claims more often than the less engaged - a relationship that holds regard-
less of how misinformed respondents are.

Discussion

Our findings support the idea that using social media for news can lead to the spread
of misinformation, albeit indirectly, due to its association with individuals’ political par-
ticipation. Although being politically engaged does not make users more or less likely
to be misinformed, participatory users seem more likely to share inaccurate claims
regarding governmental affairs, science, and natural disasters than those who are less
politically engaged. To the degree that informational uses of social media promotes
political participation, this increased participation can lead to the spread of
misinformation.

The results can seem contradictory. After all, knowledge of correct political facts
gained through news media use is a causal antecedent of participation (Delli Carpini
and Keeter 1996). Several explanations can account for this counterintuitive finding.
Knowledgeable people exhibit higher levels of political interest and attitude strength,
and hence will also tend to defend their attitudes (Lodge and Taber2013). Thus, know-
ledgeable people may nevertheless spread misinformation if that helps justify
their attitudes.

Conversely, the type and amount of knowledge necessary for participation need
not be the same as the type and amount of knowledge that are necessary to inoculate
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oneself from sharing misinformation. Media effects on learning vary by type of know-
ledge measured, such that one medium may influence knowledge of current events
but not of historic facts (Garramone and Atkin 1986). In survey research, political
knowledge is usually gauged by asking respondents’ to recall information on three
domains (Delli Carpini and Keeter 1996): current policy news, rules of the political sys-
tem, and public figures. It is not clear that knowing the correct answers to these ques-
tions (e.g., How long is the term of office for a senator?) also entails being informed
about other aspects (e.g., Are genetically modified foods harmful to health?). That the
variables measuring information and misinformation may be orthogonal to each other
is bolstered by research showing that, rather than substituting for consumption of fab-
ricated or inaccurate news, they complement accurate news consumption. Thus, social
media users who share misinformation also share much other information (Guess et al.
2018; Lazer et al. 2018). Hence, knowledgeability about some hard facts, as a conse-
quence of using social media, may be sufficient for political participation, but may be
insufficient to prevent misinformation spreading.

Also, it is not clear whether it is actual or perceived levels of information what
matters for political engagement. Kuklinski and his colleagues (2000) argued that the
important distinction in assessing citizens’ competence is not the informed versus
the uninformed. Rather, the distinction should be threefold: the uninformed (people
with no factual beliefs), misinformed (people with incorrect beliefs), and informed
(people with factually correct beliefs). Research has shown that uninformed voters
participate in politics less frequently, while the misinformed participate as often as
the informed (White et al. 2006). In fact, partisan selective exposure — a behavior
that is related to developing misperceptions — has been found to predict participa-
tion (Feezell 2016). Perhaps, then, our findings reflect the use of social media by
both informed and misinformed users. Specifically, informed users would be those
for whom social media news use and political participation does not lead to misin-
formation sharing. Misinformed users, instead, would be those for whom this rela-
tionship holds. This possibility is also consistent with the literature on the illusion of
knowledge (Tsai, Klayman, and Hastie 2008): at a certain point on the learning curve,
individuals acquire high levels of confidence in their knowledge, which subsequently
prevents them from processing new information and makes them more likely to
assume inaccurate beliefs.

However it may be, the results suggest the existence of a paradox. Using a plat-
form for informational purposes, such as Twitter or Facebook allow, can motivate
users to become more politically engaged. Increased political engagement is corre-
lated with increased spread of content, including misinformation. The addition of
the concept of increased engagement’s association with sharing of misinformation
complicates the narrative of most research, which has traditionally addressed the
nexus between informational uses of social media and political engagement in posi-
tive tones. For too long, researchers - including the authors of this article — have
described engagement in positive terms. More recently, scholars have begun ques-
tioning this one-sided account. Quandt (2018), for instance, has described the phe-
nomenon of “dark participation.” Our argument is consistent with this new line of
work, which is a more nuanced, if not altogether revisionist, approach on the study
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of social media news use and politics. To paraphrase Quandt (2018), this study is
about “dark sharing,” which contrasts with brighter forms of information diffusion,
such as news sharing.

This paradox between political engagement and (mis)information sharing resonates
with the tension between deliberative versus participatory models of democracy. Mutz
(2002, 851) said that “the kind of environment widely assumed to encourage an open
and tolerant society is not necessarily the same kind of environment that produces an
enthusiastically participative one.” Paraphrasing, we would argue that the kind of
social media environment widely assumed to produce an enthusiastically participative
society is not necessarily the same kind of environment that produces one where mis-
information is contained. This dilemma is not entirely new. Schudson’s study (1995) of
the US news culture found that the partisan press of the nineteenth and early twenti-
eth centuries mobilized the mass public at the expense of factual reporting.
Contrastingly, the professional, nonpartisan news media that subsequently became
mainstream provided better information, but at the expense of mass mobilization.
Perhaps news exposure in the social media era comports with the earlier (and seem-
ingly returning) partisan press era model.

What might explain this paradox? We had predicted that the paradox was a conse-
guence of motivated reasoning, but this does not seem to be the case. If it were, then
politically engaged users would be more likely to spread misinformation that is con-
sistent with their beliefs. But this is not what our results show. For now, we see four
alternatives that would be consistent with the findings. First, those who are engaged
may be participating in disinformation campaigns to advance their political goals,
intentionally spreading inaccurate claims to deceive others. Second, politically
engaged users may be sharing misinformation to debunk it (i.e., as fact-checkers do)
or motivate a discussion among their followers. Third, due to the fact that politically
engaged users tend to be opinion leaders, they may be more exposed to misinforma-
tion in general — and exposure is a key antecedent of sharing false claims (Grinberg
et al. 2019). Fourth, there may be some group dynamic or culturally relevant dimen-
sions that are important in this process. It may be, for instance, that identity defenses
or sub-group solidarity may be at play (Tappin, Pennycook and Rand 2018). However,
at this point, our data are insufficient to resolve the intention quandary, and the reso-
lution of this paradox must be left for future research.

As in any study, ours has limitations that future research can address. While the
panel design of our survey is an improvement over cross-sectional designs, it is not
based on random assignment. Thus, the causality quandary is still not definitively
resolved, and an experiment would help in more firmly establish the causal ordering
of key variables. Although we designed the misinformation questions to reduce
socially desirable responding, we cannot rule out that participants engaged in expres-
sive responding (i.e., when respondents knowingly chose answers they do not really
believe to support the in-group position and criticize out-group members; Schaffner
and Luks 2018). Existing research, however, has shown that the probability of expres-
sive responding is rather low (Berinsky 2018).

Another issue that we did not control for was the sensitization that may have
occurred by involving respondents in the first wave. Future researchers might want to
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set aside a group and only administer them the second wave to check on the question
of sensitization, as has been recommended by the quasi-experimental design literature.
Still, we would speculate that given the relatively long time that elapsed between the
first and second waves, this potential problem would have been attenuated. Last, we
did not investigate the sources of misperceptions. Instead, we treated being misin-
formed as exogenous. Although our results supported this choice (i.e, misperceptions
were not significantly correlated to social media news use or political participation), it is
plausible to conceive of informational uses of social media as a determinant of being
misinformed by its process of exposing users to inaccurate claims. Future research,
then, should address the link between social media news use and misperceptions.

Limitations notwithstanding, our main contribution is a recommendation that any
attempts at remediating misinformation spread on social media need to consider
important trade-offs between reducing misinformation and promoting citizen mobil-
ization. Yet, while we make a broad suggestion concerning this matter, we do so in
recognition that our study is based on one country, namely Chile, which as we have
pointed out is part of the global South. Although based on our informal assessment
of the situation in the global North, we anticipate that our findings concerning Chile
are extensible to the global North. If so, then this study contributes evidence to the
belief that social media-driven news and contemporary journalistic structures are
extensible to all moderately-to-highly developed societies. If this assessment is verified,
the present study could aid understanding of major academic and policy questions
concerning the generalizability of selectively observed consistencies between the level
of economic development and the technologies for spreading of information and mis-
information across local and national cultures.

Still, beyond the question of cross-national comparisons of information/misinforma-
tion processes, lies an even more central question. That is, should the conclusions of
our study be borne out, it would indicate severe ramifications for programmatic inter-
ventions specifically and public policy more generally. For decades, scholars and poli-
cymakers have praised the well-informed, participatory citizen; numerous large-scale
mobilization projects have been launched to promote exchange of information among
citizens. There has also been feverish efforts to create systems to filter, rate and curate
news with an eye towards purging fabricated content. Although not mutually exclu-
sive processes, there may well be an inherent conflict between the goals of spreading
information and blocking misinformation. A mobilized public could notwithstanding
engage in pernicious behaviors, such as the spread of misinformation. Future research
needs to tackle this hitherto hidden paradox.
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Notes

1. Importantly, low response rates alone do not necessarily suggest bias. What matters is
whether respondent characteristics are representative of nonrespondents (Krosnick 1999).
Hence, we estimated nonresponse bias by comparing the wave-1 sample to population
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benchmarks, and found that it was similar in terms of gender and social media usage, but
considerably younger, and both more educated and ideologically left-wing. To correct for
these biases mathematically, the variables that could be used to construct a post-
stratification weight were entered as control variables in the statistical models reported
below (Gelman 2007, 154).

2. To check whether the failure to re-survey some panel respondents resulted in selection
bias (i.e, panel effects) we compared the magnitude and statistical significance of
differences in all key and control variables between all wave-1 respondents and those who
completed wave-2. None of the 12 comparisons yielded a statistically significant result.

3. Skewness scores were <|1.0| for all variables, except for misinformation sharing (change
score=—1.25; wave-1=1.75; wave-2 =2.41). This is not surprising; count variables tend to
be positively skewed. The results of both Poisson and negative binomial estimators,
however, were entirely consistent with those reported in the main text.
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Appendix

Table A1 Fixed-Effects Model of Social Media, Political Participation and Misinformation Sharing

Dependent Variables:

Political Misinformation Misinformation

Participation Sharing Sharing
Independent Variables: b (SE) b (SE) b (SE)
Social media news use 0.043*** (0.012) 0.018 (0.031) 0.019 (0.031)
Political participation - - 0.312% (0.136) 0.282* (0.138)
Misperceptions 0.005 (0.055) 0.699%** 0.144) 0.695%** (0.144)
Political participation x Misperceptions - - - - —0.308 (0.224)
Professional news use 0.043* (0.019) 0.038 (0.049) 0.036 (0.049)
Information efficacy 0.023 (0.057) 0.099 (0.145) 0.103 (0.145)
Political ideology (L-R) —0.019 (0.031) 0.042 (0.083) 0.041 (0.083)
Trust in professional news 0.081 (0.046) —0.088 (0.117) —0.093 (0.117)
Constant 0.018 (0.029) —0.469 (0.072) —0.467 (0.072)
R? 055 077 082
Note. Sample size = 451. Cell entries are unstandardized path coefficients, with standard errors in parentheses.
*p < .05,
**p < .01,

**¥p < .001 (two-tailed)

Table A2  Autoregressive Panel Model of Social Media, Political Participation and
Misinformation Sharing

Political Misinformation Misinformation

Participation Sharing Sharing
Independent Variables: b (SE) b (SE) b (SE)
Social media news use 0.054%** (0.010) 0.038 (0.021) 0.038 (0.021)
Political participation - - 0.172* (0.073) 0.289 (0.267)
Misperceptions 0.027 0.036) 0.443%** (0.073) 0.531** (0.206)
Political participation x Misperceptions - - - - —0.046 (0.102)
Autoregressive term 0.693*** (0.035) 0.304%** (0.031) 0.304%** (0.031)
Professional news use —0.009 (0.016) —0.049 (0.031) —0.046 (0.032)
Information efficacy —0.072 (0.051) 0.018 (0.095) 0.015 (0.095)
Political ideology (L-R) —0.021 (0.019) —0.044 (0.037) —0.042 (0.037)
Trust in professional news —0.019 (0.040) 0.007 (0.079) 0.009 (0.079)
Age 0.002 (0.002) 0.008 (0.004) 0.008 (0.004)
Gender (female) —0.067 (0.053) —0.125 (0.102) —0.130 (0.102)
Education —0.029 (0.034) —0.062 (0.065) —0.061 (0.065)
Income 0.023 (0.020) 0.033 (0.039) 0.034 (0.039)
Constant 0.830* (0.340) —0.754 (0.652) —.992 (0.831)
R? 556 323 333
Note. Sample size = 451. Cell entries are unstandardized path coefficients, with standard errors in parentheses.
*p < .05,
**p < .01,

**¥p < .001 (two-tailed)
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